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Abstract: It's important to smoothly collect and manage high quality data in the society where demand is
growing for artificial intelligence and data science. However, many of them are supported by structured
data. Non-structured data such as document and e-mail are not making full use of in those areas because it
is difficult to collect and manage non-structured data.

Structuring non-structured data needs high ability like a human which read all of document, understand
useful information and deem identically various expression which has the same meaning. This paper
adopted Transformer to solve problems as mentioned above.

Transformer is the basis of BERT and GPT-2 and often used in machine translation. This paper applied
Transformer to Structuring non-structured data. Namely, Translating non-structured data into structured
data. In particular, this paper researched method of information extraction, notation conversion and
unifying expression. Transformer has attention mechanism. Firstly, Self Attention encode relationship
between words in the sentence and useful for select important information in sentence. Secondly,
Encoder-Decoder Attention find relationships between words in source sentence and words in target
sentence and useful for integrating various notations and expression.

This paper evaluated the method with Exact Match and F-value. Those are over 90. This paper also
considered attention weight and discovered the effectiveness of Transformer on the task of information
extraction and notation conversion.

However, there are some tasks on unifying expression of non-structured data, it needs BERT model
which can interpret higher context. And although this paper structured non-structured data as translation
task, it had side effects of it. So we want to strive to research while including information extraction by
machine comprehension.
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